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STRUCTURED CORRESPONDENCE PREDICTION RESULTS
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Generalization to SCAPE

SOFT CORRESPONDENCES ERROR

. . . . 100
* P(x,y)Is interpreted as the probability of point x € X mapping to
FUNCTIONAL MAPS 101 pointy € ¥ ,
« Error: probability-weighted geodesic distance from ground-truth § 60 |
:
S e FMNet
5 40 —— 0SD ]
O ,
L s (GCNN [2Y]
20 LSCNN [¥]
— ADD3 [10]
— MADD3 [10)]
| | | ‘
"0 0.02 0.04 0.06 0.08 0.1

Geodesic error

Generalization to TOSCA + partiality

LEARNING TO FIND CORRESPONDENCE
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